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Rule Models for the Integrated Design of Knowledge
Acquisition, Reasoning, and Knowledge Refinement

Gyesung Lee'

ABSTRACT

A number of research issues such as knowledge acquisition, ipfarencing techniques, and knowledge refinement
methodologies have been involved in the development of expert systems. Since each issue is considered very com-
plicated, there has been littie effort to take all the issues into account collectively at once. However, knowledge
acquisition and inferencing are closely related because the knowledge is extracted by human experts from the
inferencing process for solving a specific tssk or problem. Knowledge refinement is also accomplished by hand-
ting problems caused during the inferencing process of the system due to incompleteness and inconsistency of the
knowledge base. From this perspective, we present a method by which sdftware platform is established in which
those issues are integraled in the development of expert systems, especially in the domain where the domain
models and concepts are hard (o be constructed because of inherent fuzziness of the domain. We apply a
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machine learning lechnique, conceplual clustering, to build a knowledge basc and rule models by which an
efficient inferencing, incremental knowledge acquisition and knowledge refinement are possible.
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then
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submarine fan (sfn)
slope (sip)

marine margin (mgl)
shel (si)

tical fist (1)
barrier-beach (bbe)

estuarine (ss)
mam<m(“)

lacustrian (tlac)
continental aeolian (ae)
glacial (gla)

Facies

fiuvial (Au)
altuvial fan (afn)

(328 1) Facies =
(Fig. 1) Facies Structure
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{Table 1) Attributes for Facies Structure
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(38l2) Facies 712|224
(Fig. 2) Facies Rule Model
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