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ABSTRACT

Automatic control has been for the most part applied to linear systems where it can be ap-
proximately formalized. In case that it is not definitely established the mathematical modelling to
control objects, it requires manual control strategies which put under the human rule. In this
paper, it constructs an FLC(Fuzzy Logic Controller) in order to turn a hand control into an au-
tomatic control in the domain of swimming pool that has been almost absolutely dependant on a
skilled worker’s experience. Genetic algorithms upgrade the knowledge which is acquired from
human expert, using by FLC, so as to maintain knowledge in the very optimal way. It also de-
signs an algorithm that modifies the rule base and the membership function at the same time,
and ultimately will show that it can get better result than human controllers.
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HAAF o A #
vC Very Cold
C Cold
S Snug
w Warm
VW Very Warm
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AAAE o A &
FC Full Close
V0LO Very Little Open
LO Little Open
HO Half Open
MO Much Open
VMO Very Much Open
FO Full Open
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