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Game Agent Learning with Genetic Programming
in Pursuit-Evasion Problem

0-Kyang Kwon' - Jong-Koo Park™

ABSTRACT

Recently, game players want new game requiring more various tactics and strategies in the complex environment beyond simple and
repetitive play. Various artificial intelligence techniques have been suggested to make the game characters learn within this environment,
and the recent researches include the neural network and the genetic algorithm. The Genetic programming(GP) has been used in this
study for learning strategy of the agent in the pursuit-evasion problem which is used widely in the game theories. The suggested GP
algorithm is faster than the existing algorithm such as neural network, it can be understood instinctively, and it has high adaptability
since the evolving chromosomes can be transformed to the reasoning rules
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