Asl Az SA AN 2L ol 3
Zetod el B4

Ao E A T

—_ -

o

gf

BoeRAAi e e A4 Rge R A o A29] 0AR 4500 033208 olgd) A du
BE B ALY AV, AR W U EEAYoRRE el @A) Asky JPuz e
A¢ UYe 95, A% % 42d AR HAAZUl QS Hn EE94d AEE HEAT AN UFAZUE o

FA e olgA H&d ALYl A8 G4 WE AR Az ey $4N FEE Qs 4R A
B& 9% & gt B4Rl

B owgoldi Aok wo) 7ze el g A BA N2UD 94 U4 WA 2okt 249
A% Syulel ooy HAEAS Adsn A0 BuF PPAA ABe A4S B £ sl PAE Halo

Color Image Enhancement Using Human
Visual Properties and Neural Network

Hyun-Wook Shin' - Seok-Je Cho'!

ABSTRACT

In this paper, we proposes a new color enhancement method that enhances the saturations of a degraded image using
the neural network which is learned by the relations among intensities, saturations, and hues. In the proposed method,
the neural network is leamed; the input is intensities, saturations, and hues which is derived from the standard image
into a various degraded image and the desired target is the saturation of the standard image. Intensity, saturation, and
hue of a degraded image and enhanced intensity are inputted in the learned neural network, then we obtain the
enhanced saturation. We show this method solves color gamut problem that is serious problem in the previous method,
and that this method enhances the contrast of saturation, then, makes a vivid image obtained.
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